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u: Expected value,l X 1, E|x]
Y: covariance matric,l X |, E [(g — ,u) (g — M)T]

. |: determinant
l: number of features
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Given o, @, : P(@,)= P(@,) and p(x@) = N(u , ), Ju

0 3 1.1 0.3
p(x@,) = N(u,, 2), p, {0} a :H’ Z{03 19}

1.0
classify the vector x = {2 2} using Bayesian classificaion :
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oMaximum a Posteriori probability estimation
(MAP)
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MAXIMUM LIKELIHOOD ESTIMATION
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MAXIMUM A POSTERIORI PROBABILITY ESTIMATION (MAP)
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